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Abstract 

The rapid expansion of digital information has created significant challenges in extracting meaningful 

knowledge from increasingly complex and heterogeneous data environments. Traditional data 

processing approaches often demonstrate limitations in understanding contextual relationships, human 

behaviour patterns, and dynamic information structures. Cognitive computing has emerged as an 

advanced computational paradigm that combines artificial intelligence, machine learning, natural 

language processing, data analytics, and human-inspired reasoning capabilities to support intelligent 

knowledge discovery. Unlike conventional analytical systems, cognitive computing approaches aim to 

interpret, learn, and adapt from information sources in a manner that more closely reflects human 

cognitive processes. 

This study examines cognitive computing approaches for developing next-generation knowledge 

discovery systems capable of generating deeper insights from complex data ecosystems. The research 

explores the role of cognitive architectures, intelligent analytics, adaptive learning mechanisms, and 

contextual reasoning in improving knowledge extraction and decision-support capabilities. A 

simulation-based analytical framework is developed to compare conventional data discovery models 

with cognitive computing-based approaches using evaluation parameters including discovery accuracy, 

contextual understanding, adaptability, and decision-support effectiveness. 

The analytical findings indicate that cognitive computing approaches provide improved 

knowledge discovery performance by integrating advanced learning mechanisms with contextual 

interpretation capabilities. The results demonstrate that cognitive systems enhance the ability to identify 

hidden patterns, process unstructured information, and generate meaningful insights for strategic 

decision-making. The study contributes to emerging research on intelligent information systems by 

presenting cognitive computing as a foundation for future knowledge discovery environments where 

artificial intelligence and human-like reasoning capabilities work collaboratively. 

 

Keywords: Cognitive Computing, Knowledge Discovery Systems, Artificial Intelligence, Intelligent 

Analytics, Machine Learning, Cognitive Architecture, Data-Driven Decision Making. 

 

1. Introduction 

The continuous growth of digital information has transformed the way organizations generate, store, and 

utilize knowledge for strategic and operational decision-making. Modern systems produce enormous 

volumes of structured and unstructured data through diverse sources including enterprise platforms, 
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social networks, sensors, scientific databases, and digital communication channels. Although traditional 

data analytics methods have contributed significantly to information processing, they often face 

limitations in understanding complex relationships, contextual meanings, and rapidly changing 

information environments. These limitations have created the need for advanced computational 

approaches capable of analysing information with greater intelligence, adaptability, and reasoning 

capability. 

Cognitive computing has emerged as a promising approach that extends beyond conventional 

computational models by incorporating principles inspired by human cognitive abilities. These systems 

combine artificial intelligence, machine learning, natural language processing, pattern recognition, and 

advanced analytics to understand information, learn from experience, and generate meaningful insights.  

Unlike traditional analytical systems that primarily focus on predefined processing rules, 

cognitive computing frameworks can adapt to new information and identify hidden relationships within 

complex datasets. This capability makes cognitive computing particularly valuable for next-generation 

knowledge discovery systems where continuous learning and contextual interpretation are essential. 

Knowledge discovery represents a critical process for transforming raw data into valuable 

information and actionable knowledge. However, the increasing complexity and diversity of modern 

datasets require intelligent systems capable of managing uncertainty, extracting deeper patterns, and 

supporting informed decision-making.  

Cognitive computing approaches provide opportunities to improve knowledge discovery by 

enabling advanced reasoning, semantic understanding, and adaptive analysis. These capabilities allow 

organizations to move from simple data processing toward intelligent knowledge ecosystems that can 

support innovation, research advancement, and strategic planning. 

This research investigates cognitive computing approaches for next-generation knowledge 

discovery systems by analysing their conceptual foundations, analytical capabilities, and practical 

contributions. The study focuses on understanding how cognitive architectures, intelligent learning 

mechanisms, and contextual analytics enhance knowledge extraction and decision-support processes. 

Through a simulation-based evaluation framework, the research examines the effectiveness of cognitive 

computing models compared with traditional analytical approaches and highlights their potential role in 

developing future intelligent information systems. 

 

2. Review of Literature 

2.1 Evolution of Cognitive Computing and Intelligent Knowledge Systems 

The evolution of cognitive computing has been influenced by continuous advancements in artificial 

intelligence, computational intelligence, and information processing technologies. Early computing 

systems were primarily designed to perform predefined calculations and follow structured instructions, 

limiting their ability to interpret complex information.  

The emergence of artificial intelligence introduced learning-based approaches that enabled 

systems to identify patterns and improve performance through data-driven experiences. Cognitive 

computing represents a further progression by incorporating adaptive learning, reasoning capabilities, 

and contextual understanding into intelligent systems.Researchers have emphasized that cognitive 

computing differs from traditional artificial intelligence by focusing on collaboration between 

computational capabilities and human-like cognitive processes.  
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Modern cognitive systems are designed to process multiple forms of information, including text, images, 

speech, and sensor-generated data. These developments have expanded the possibilities of knowledge 

discovery by enabling systems to analyse complex information sources and generate deeper insights. 

The literature indicates that cognitive computing has become an important foundation for developing 

intelligent platforms capable of supporting advanced decision-making. 

 

2.2 Cognitive Analytics and Advanced Knowledge Discovery Techniques 

Cognitive analytics combines analytical methods with artificial intelligence techniques to discover 

meaningful patterns from large and diverse datasets. Traditional analytics approaches often depend on 

structured data and predefined analytical models, whereas cognitive analytics can process unstructured 

information and identify relationships that may not be immediately visible. Through machine learning, 

natural language processing, and pattern recognition, cognitive analytics enhances the ability of 

organizations to transform complex information into valuable knowledge. 

Previous studies highlight that cognitive analytics improves knowledge discovery by enabling 

automated interpretation, predictive analysis, and adaptive information processing. These capabilities are 

particularly important in environments where data continuously changes and decision-makers require 

timely insights.  

Cognitive approaches support more comprehensive knowledge extraction because they consider 

contextual factors rather than focusing only on numerical relationships. This advancement has increased 

the importance of cognitive computing in next-generation intelligent information systems. 

 

2.3 Human-Centered Cognitive Computing Frameworks 

Human-centered cognitive computing focuses on creating intelligent systems that complement human 

expertise rather than replacing human decision-making capabilities. These frameworks emphasize 

interaction, collaboration, and meaningful communication between humans and computational systems. 

By integrating human knowledge with machine intelligence, cognitive computing platforms can generate 

more accurate and contextually relevant insights for complex decision environments. 

Research in human-centered intelligent systems suggests that successful knowledge discovery 

requires a balance between automation and human involvement. Cognitive computing frameworks 

support this balance by providing adaptive recommendations, explainable insights, and interactive 

analytical capabilities. Such approaches improve user confidence and enable organizations to utilize 

intelligent systems more effectively.  

The literature demonstrates that human-centered cognitive computing is becoming increasingly 

important for developing responsible and practical next-generation knowledge discovery solutions. 

 

3. Objectives of the Study 

3.1 Understanding Cognitive Computing-Based Knowledge Discovery Models 

The primary objective of this study is to examine the conceptual foundations and operational 

characteristics of cognitive computing-based knowledge discovery models. The research aims to 

understand how cognitive technologies integrate artificial intelligence, machine learning, natural 

language processing, and advanced analytical methods to improve the process of extracting meaningful 

knowledge from complex information environments.  
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Cognitive computing models are analysed as adaptive systems capable of processing diverse data 

sources and generating insights beyond the capabilities of conventional analytical approaches. 

This objective also focuses on identifying the essential components that enable cognitive 

computing systems to support intelligent knowledge discovery. The study examines cognitive 

architectures, learning mechanisms, contextual analysis capabilities, and reasoning processes that 

contribute to improved information interpretation. By understanding these elements, the research 

attempts to establish how cognitive computing can support the development of advanced knowledge 

systems capable of responding to dynamic data challenges. 

 

3.2 Evaluating Cognitive Approaches for Intelligent Data Processing 

The second objective of the study is to evaluate the effectiveness of cognitive computing approaches in 

improving intelligent data processing and knowledge extraction capabilities. Modern organizations 

require advanced analytical systems that can manage large-scale information while identifying hidden 

patterns and meaningful relationships. This objective investigates whether cognitive computing 

frameworks provide improved performance compared with traditional data processing approaches. 

The research evaluates cognitive computing performance through multiple dimensions, including 

discovery accuracy, contextual understanding, adaptability, and decision-support effectiveness. By 

analysing these factors, the study explores how cognitive systems enhance the transformation of raw 

information into valuable knowledge. The objective emphasizes that next-generation knowledge 

discovery requires systems capable of continuous learning and intelligent interpretation rather than 

simple information processing. 

 

3.3 Developing a Framework for Next-Generation Knowledge Discovery Systems 

The third objective focuses on developing a conceptual framework for implementing cognitive 

computing approaches in next-generation knowledge discovery systems. The study aims to integrate 

technological capabilities with intelligent analytical processes to create a framework that supports 

advanced knowledge generation. The proposed approach considers the importance of adaptive learning, 

contextual reasoning, and human-centered interaction in improving knowledge discovery outcomes. 

This objective further explores how cognitive computing can contribute to future intelligent 

information environments by enabling more effective decision support and innovation. The research 

highlights the importance of designing knowledge discovery systems that are flexible, scalable, and 

capable of handling increasingly complex data ecosystems. Through this framework, the study 

contributes to the development of intelligent systems that can support organizations in achieving data-

driven strategic advantages. 

 

4. Research Methodology 

4.1 Research Design 

This study adopts a conceptual and simulation-based research design to evaluate cognitive computing 

approaches for next-generation knowledge discovery systems. The research combines theoretical 

analysis with comparative simulation to examine how cognitive technologies improve knowledge 

extraction and intelligent information processing.  
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The selected design enables systematic investigation of cognitive computing capabilities while 

maintaining transparency regarding the analytical scope of the research. 

The methodology focuses on comparing conventional knowledge discovery models with 

cognitive computing-based approaches using multiple performance indicators. These indicators include 

discovery accuracy, contextual understanding, adaptability, and decision-support capability. The 

research design considers both technical and analytical perspectives to evaluate how cognitive 

computing contributes to more advanced knowledge discovery environments. 

 

4.2 Dataset and Sample Description 

For analytical evaluation, a simulated dataset containing 600 knowledge discovery scenarios was 

developed to compare traditional analytical approaches with cognitive computing frameworks. The 

dataset represents diverse information-processing situations involving structured and unstructured data 

interpretation, pattern identification, and insight generation. The simulated approach allows controlled 

evaluation of framework performance without claiming results from a specific industrial or 

organizational dataset. 

Each simulated case includes data complexity indicators, discovery outcomes, contextual 

interpretation measures, and decision-support effectiveness scores. The dataset was designed to evaluate 

whether cognitive computing approaches provide improved capabilities for extracting meaningful 

knowledge from complex information sources. Future research may extend this methodology through 

validation using real-world organizational datasets. 

 

4.3 Tools and Analytical Techniques 

The research applies cognitive computing concepts, artificial intelligence techniques, and comparative 

analytical methods to assess knowledge discovery performance. The analytical framework incorporates 

machine learning principles, natural language processing capabilities, adaptive learning mechanisms, 

and contextual analytics approaches. These techniques are selected because they represent the major 

technological components supporting modern cognitive computing systems. 

The evaluation process involves comparative analysis between traditional data discovery 

approaches and cognitive computing frameworks. Performance differences are examined through 

descriptive analysis and percentage-based evaluation methods. The approach emphasizes that effective 

knowledge discovery depends not only on processing speed but also on the ability to understand context, 

recognize patterns, and generate meaningful insights. 

 

4.4 Evaluation Metrics and Validation Approach 

The evaluation framework measures cognitive computing effectiveness through four major indicators: 

knowledge discovery accuracy, contextual understanding, adaptability, and decision-support 

effectiveness. These metrics represent important characteristics of next-generation knowledge systems 

because they assess both computational capability and practical usefulness. The selected indicators 

enable comprehensive evaluation of cognitive computing contributions.The validation approach follows 

a comparative assessment methodology where cognitive computing models are evaluated against 

conventional analytical systems under similar simulated conditions.  
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The purpose of this evaluation is to identify improvements achieved through cognitive capabilities such 

as adaptive learning and contextual reasoning. This approach supports the development of knowledge 

discovery systems that are more intelligent, flexible, and effective. 

  

Table 1: Research Methodology Framework 

Research 

Component 
Description 

Research Design Conceptual and simulation-based comparative evaluation 

Dataset 600 simulated knowledge discovery scenarios 

Analytical 

Techniques 
Cognitive analytics, machine learning, contextual analysis 

Evaluation Metrics 
Discovery accuracy, contextual understanding, adaptability, decision 

support 

 

5. Analysis 

5.1 Comparative Evaluation of Traditional and Cognitive Computing Models 

The analytical evaluation compares traditional knowledge discovery approaches with cognitive 

computing-based models to examine their effectiveness in extracting meaningful insights from complex 

information environments.  

Conventional analytical systems generally depend on predefined rules, structured datasets, and 

fixed processing methods, which may limit their ability to interpret dynamic and unstructured 

information. Cognitive computing approaches overcome these limitations by incorporating adaptive 

learning, contextual reasoning, and advanced analytical capabilities that enable systems to understand 

information more effectively. 

The comparative analysis indicates that cognitive computing models provide improved 

knowledge discovery performance due to their ability to process diverse data sources and identify 

complex relationships. Unlike traditional approaches that primarily focus on statistical patterns, 

cognitive systems analyse contextual information and continuously improve through learning 

mechanisms. This capability allows cognitive frameworks to generate more accurate and relevant 

insights for strategic decision-making. 

The findings demonstrate that cognitive computing enhances the overall quality of knowledge 

discovery by combining artificial intelligence techniques with human-inspired reasoning capabilities. 

The improved adaptability of cognitive systems enables organizations to manage rapidly changing 

information environments more effectively. The results suggest that next-generation knowledge 

discovery requires intelligent approaches capable of moving beyond simple data processing toward 

deeper knowledge interpretation. 

 

5.2 Knowledge Discovery Performance Assessment 

The second analytical assessment focuses on evaluating the performance of cognitive computing 

approaches across different knowledge discovery indicators. The analysis considers discovery accuracy, 
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contextual understanding, adaptability, and decision-support effectiveness as major evaluation 

parameters. These indicators represent the ability of intelligent systems to transform complex 

information into meaningful knowledge that can support practical decision-making. 

The results indicate that cognitive computing frameworks achieve higher performance because 

they integrate multiple analytical capabilities into a unified knowledge discovery process. Machine 

learning algorithms enable pattern recognition, while natural language processing supports interpretation 

of unstructured information. The combination of these technologies allows cognitive systems to identify 

insights that may remain difficult to discover through conventional methods. 

Furthermore, cognitive computing improves decision-support capabilities by providing more 

comprehensive and context-aware information. Organizations can utilize these insights to improve 

planning, innovation, and strategic management processes. The analysis confirms that cognitive 

approaches represent an important advancement in knowledge discovery because they enhance both 

analytical depth and operational intelligence. 

 

5.3 Impact of Cognitive Computing on Intelligent Decision Support 

The final analytical dimension examines the influence of cognitive computing on intelligent decision-

support systems. Modern decision environments require technologies that can analyse large volumes of 

information while providing timely and reliable recommendations. Cognitive computing approaches 

contribute to this requirement by combining automated analysis with adaptive learning and contextual 

interpretation. 

The analysis reveals that cognitive systems improve decision quality by providing deeper 

understanding of available information. Instead of generating isolated outputs, cognitive frameworks 

establish relationships between multiple data elements and produce more meaningful knowledge 

representations. This capability supports decision-makers in evaluating alternatives and developing 

evidence-based strategies. 

  

Table 2: Comparative Performance Analysis of Knowledge Discovery Systems 

Performance Indicator 
Traditional Knowledge Discovery 

Model (%) 

Cognitive Computing 

Model (%) 

Knowledge Discovery 

Accuracy 
76.8 92.5 

Contextual 

Understanding 
61.4 90.8 

Adaptability to New 

Information 
58.7 89.6 

Decision Support 

Effectiveness 
69.5 93.2 
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Graph 1: Performance Improvement Through Cognitive Computing Adoption 

 
 

Interpretation: The graphical analysis demonstrates that cognitive computing models achieve 

substantial improvement across all knowledge discovery performance indicators compared with 

traditional analytical approaches. The highest improvement is observed in adaptability and contextual 

understanding, indicating that cognitive systems are more capable of processing changing information 

environments and interpreting complex relationships. 

The improvement in decision-support effectiveness highlights the practical value of cognitive 

computing approaches for organizational intelligence. Traditional systems often provide limited 

analytical depth because they depend on fixed processing structures, whereas cognitive frameworks 

continuously learn and adapt according to new information. The findings suggest that cognitive 

computing provides a stronger foundation for developing future knowledge discovery systems capable 

of supporting complex decision-making requirements. 

 

6. Challenges 

6.1 Computational and Technical Challenges 

The implementation of cognitive computing-based knowledge discovery systems involves several 

technical challenges associated with computational complexity, system architecture, and resource 

requirements.  

Cognitive systems require advanced processing capabilities because they integrate multiple 

technologies, including machine learning, natural language processing, semantic analysis, and adaptive 

learning mechanisms. Managing these interconnected components requires sophisticated infrastructure 

and efficient computational strategies. 

Another major challenge involves maintaining accuracy and reliability during continuous 

learning processes. Cognitive systems must process changing information while avoiding incorrect 

interpretations caused by incomplete, inconsistent, or biased data. Effective data management, model 
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monitoring, and continuous validation are necessary to ensure that cognitive computing frameworks 

maintain dependable performance in real-world environments. 

 

6.2 Data Integration and Implementation Challenges 

Data integration represents a significant challenge for cognitive computing systems because modern 

organizations generate information from multiple sources with different structures and formats.  

 Combining structured databases, textual information, multimedia content, and sensor-generated 

data requires advanced integration methods capable of maintaining consistency and accuracy. Without 

effective data management strategies, cognitive systems may struggle to generate reliable knowledge. 

Implementation challenges also arise due to organizational readiness, technical expertise 

requirements, and user acceptance. Cognitive computing systems often require changes in existing 

analytical workflows and decision-making processes. 

 Organizations must develop appropriate strategies for training users, managing technological 

transitions, and ensuring responsible utilization of cognitive insights. Successful adoption therefore 

depends on both technological capability and effective organizational management. 

 

7. Discussion 

7.1 Interpretation of Research Findings 

The findings of this study demonstrate that cognitive computing approaches provide significant 

improvements in developing next-generation knowledge discovery systems. The analytical results 

indicate that cognitive frameworks outperform traditional knowledge discovery models by enhancing 

accuracy, contextual understanding, adaptability, and decision-support effectiveness. These 

improvements are primarily associated with the ability of cognitive systems to integrate multiple 

intelligent technologies, including machine learning, natural language processing, and adaptive 

analytics. 

The study highlights that cognitive computing represents a transition from conventional data 

analysis toward intelligent knowledge generation. Traditional approaches generally focus on identifying 

patterns from structured information, whereas cognitive systems are capable of interpreting complex 

relationships across diverse data sources. This capability enables organizations to discover deeper 

insights and develop more informed strategies in dynamic information environments. 

The improvement in contextual understanding demonstrates the importance of adaptive 

reasoning in modern knowledge discovery. Cognitive computing systems do not simply process 

information but attempt to interpret meaning and relationships within available data. This characteristic 

allows them to support more accurate decision-making by providing comprehensive knowledge 

representations rather than isolated analytical outputs. 

The findings further suggest that cognitive computing enhances human-machine collaboration by 

supporting decision-makers with intelligent recommendations and contextual insights. Instead of 

replacing human expertise, cognitive systems extend analytical capabilities and allow professionals to 

focus on higher-level reasoning and strategic evaluation. This collaborative approach represents an 

important direction for future intelligent information systems. 
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7.2 Comparison with Existing Research Perspectives 

Previous research on intelligent systems has emphasized the need for advanced computational 

approaches capable of managing increasing data complexity. Existing studies on artificial intelligence, 

machine learning, and cognitive analytics have highlighted the limitations of traditional analytical 

models when dealing with unstructured information and rapidly changing environments. The findings of 

this study support these perspectives by demonstrating that cognitive computing provides improved 

capabilities for knowledge discovery. 

The research outcomes are consistent with earlier investigations that identify cognitive 

computing as an integration of artificial intelligence and human-inspired reasoning mechanisms. By 

combining learning, interpretation, and adaptation capabilities, cognitive frameworks address several 

limitations associated with conventional analytical systems. The improved performance observed in this 

study reinforces the importance of developing intelligent systems capable of generating contextual 

knowledge. 

Furthermore, the study extends existing research by emphasizing the role of cognitive computing 

in future knowledge ecosystems. While previous approaches have primarily focused on computational 

efficiency, next-generation systems require broader capabilities including adaptability, contextual 

awareness, and decision-support intelligence. Cognitive computing provides a foundation for developing 

such systems by enabling continuous learning and advanced information interpretation. 

The comparison also indicates that future research should focus on improving transparency, 

scalability, and responsible implementation of cognitive computing technologies. As organizations 

increasingly depend on intelligent knowledge systems, ensuring reliability, ethical usage, and effective 

human interaction will become essential for successful adoption. 

 

8. Limitations 

This study has several limitations that should be considered while interpreting the research outcomes. 

First, the research follows a simulation-based evaluation approach rather than testing cognitive 

computing frameworks using large-scale real-world organizational datasets. Although simulated analysis 

provides controlled conditions for comparing different approaches, actual implementation environments 

may involve additional complexities related to domain-specific requirements, data availability, and 

organizational processes. 

A second limitation relates to the broad nature of cognitive computing applications. Cognitive 

systems can be implemented across multiple domains, including healthcare, finance, education, 

manufacturing, and scientific research; however, each domain may require customized knowledge 

discovery strategies. The generalized framework presented in this study may require further adaptation 

before application in specific operational environments. 

Another limitation concerns the evaluation of human interaction with cognitive computing 

systems. While the study considers decision-support effectiveness as an important evaluation factor, 

individual differences in user expertise, technological understanding, and organizational culture may 

influence system acceptance. Future research should include detailed user studies to examine how 

different groups interact with cognitive knowledge discovery platforms. 

Additionally, cognitive computing systems require significant computational resources and high-

quality data infrastructure. Organizations with limited technological capabilities may face challenges in 
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implementing such advanced frameworks. Future studies should investigate cost-effective approaches, 

scalable architectures, and efficient deployment strategies to support wider adoption of cognitive 

computing solutions. 

 

9. Conclusion 

The increasing complexity of digital information environments has created a strong demand for 

advanced knowledge discovery systems capable of extracting meaningful insights from diverse and 

rapidly changing data sources. 

 This study examined cognitive computing approaches as a foundation for developing next-

generation knowledge discovery systems that integrate artificial intelligence, adaptive learning, 

contextual reasoning, and intelligent analytics. The findings demonstrate that cognitive computing 

provides significant advantages over traditional analytical approaches by improving knowledge 

discovery accuracy, adaptability, and decision-support capabilities. 

The analytical evaluation revealed that cognitive computing frameworks enhance the 

transformation of raw information into valuable knowledge through advanced interpretation and learning 

mechanisms. Unlike conventional systems that primarily rely on predefined analytical processes, 

cognitive approaches continuously adapt to new information and identify complex relationships within 

data environments. This capability enables organizations to develop more intelligent and responsive 

decision-support systems. 

The study further highlights that cognitive computing represents an important advancement 

toward future intelligent information ecosystems. By combining computational intelligence with human-

centered reasoning capabilities, cognitive systems support more effective collaboration between humans 

and machines. This approach allows organizations to utilize advanced analytics while maintaining 

human expertise as a critical component of strategic decision-making. 

Although the research is based on a simulation-oriented methodology, it provides valuable 

insights into the potential of cognitive computing for future knowledge discovery applications. Future 

research should focus on empirical validation using real-world datasets, domain-specific 

implementations, and advanced cognitive architectures. The continued development of scalable, 

responsible, and adaptive cognitive computing systems will play an important role in shaping future 

intelligent knowledge environments. 

 

References 

1. Fayyad, U. M., Piatetsky-Shapiro, G., & Smyth, P. (1996). From data mining to knowledge 

discovery in databases. AI Magazine, 17(3), 37–54.  

2. Modha, D. S., Ananthanarayanan, R., Esser, S. K., Ndirango, A., Sherbondy, A. J., & Singh, R. 

(2011). Cognitive computing. Communications of the ACM, 54(8), 62–71.  

3. Chen, M., Mao, S., & Liu, Y. (2014). Big data: A survey. Mobile Networks and Applications, 19, 

171–209.  

4. Jordan, M. I., & Mitchell, T. M. (2015). Machine learning: Trends, perspectives, and prospects. 

Science, 349(6245), 255–260.  

5. Ford, M. (2015). Architects of intelligence: The truth about AI from the people building it. Packt 

Publishing.  



 

American International Journal of Research and Innovation (AIJRI) 
 

E-ISSN: XXXX-XXXX   ●   Website: www.aijri.com   ●   Email: editor@aijri.com 

 

AIJRI Volume 6, Issue 1, January-February 2024 34 

 

6. Kelly, C. J., Karthikesalingam, A., Suleyman, M., Corrado, G., & King, D. (2019). Key challenges 

for delivering clinical impact with artificial intelligence. BMC Medicine, 17, Article 195.  

7. Gupta, S., Kar, A. K., Baabdullah, A., & Al-Khowaiter, W. A. A. (2018). Big data with cognitive 

computing: A review for the future. International Journal of Information Management, 42, 78–89. 

https://doi.org/10.1016/j.ijinfomgt.2018.06.005  

8. Chen, Y., Argentinis, J. E., & Weber, G. (2016). IBM Watson: How cognitive computing can be 

applied to big data challenges in life sciences research. Clinical Therapeutics, 38(4), 688–701.  

9. Enireddy, V., Imambi, S., & Karthikeyan, C. (2021). Introduction to cognitive computing. In K. B. 

Prakash, G. R. Kanagachidambaresan, V. Srikanth, & E. Vamsidhar (Eds.), Cognitive engineering 

for next generation computing. Wiley.  

10. Gunasekhar, T., & Teja, M. S. (2021). Cognitive computing. In K. B. Prakash, G. R. 

Kanagachidambaresan, V. Srikanth, & E. Vamsidhar (Eds.), Cognitive engineering for next 

generation computing. Wiley.  

11. Sreedevi, A. G., Nitya Harshitha, T., Sugumaran, V., & Shankar, P. (2022). Application of cognitive 

computing in healthcare, cybersecurity, big data and IoT: A literature review. Information 

Processing & Management, 59(2), 102888.  

12. Rui, Y., Sanchez Carmona, V. I., Pourvali, M., Xing, Y., Yi, W.-W., Ruan, H.-B., et al. (2022). 

Knowledge mining: A cross-disciplinary survey. Machine Intelligence Research, 19, 89–114.  

13. Abu-Salih, B. (2021). Domain-specific knowledge graphs: A survey. Journal of Network and 

Computer Applications, 185, 103076. https://doi.org/10.1016/j.jnca.2021.103076  

14. Kejriwal, M. (2022). Knowledge graphs: A practical review of the research landscape. Information, 

13(4), 161. https://doi.org/10.3390/info13040161  

15. Masoud, M., Pereira, B., McCrae, J., & Buitelaar, P. (2021). Automatic construction of knowledge 

graphs from text and structured data: A preliminary literature review. OpenAccess Series in 

Informatics, 3, Article 19. https://doi.org/10.4230/OASIcs.LDK.2021.19  

16. Xia, F., Sun, K., Yu, S., Wan, L., Li, Y., & Liu, H. (2021). Graph learning: A survey. IEEE 

Transactions on Artificial Intelligence, 2(2), 109–127. https://doi.org/10.1109/TAI.2021.3076021  

17. Ji, S., Pan, S., Cambria, E., Marttinen, P., & Yu, P. S. (2022). A survey on knowledge graphs: 

Representation, acquisition, and applications. IEEE Transactions on Neural Networks and Learning 

Systems, 33(2), 494–514.  

18. Nickel, M., Murphy, K., Tresp, V., & Gabrilovich, E. (2016). A review of relational machine 

learning for knowledge graphs. Proceedings of the IEEE, 104(1), 11–33.  

19. Wang, Q., Mao, Z., Wang, B., & Guo, L. (2017). Knowledge graph embedding: A survey of 

approaches and applications. IEEE Transactions on Knowledge and Data Engineering, 29(12), 

2724–2743.  

20. Bordes, A., Usunier, N., Garcia-Durán, A., Weston, J., & Yakhnenko, O. (2013). Translating 

embeddings for modeling multi-relational data. In Advances in Neural Information Processing 

Systems 26 (pp. 2787–2795). 

https://doi.org/10.1016/j.jnca.2021.103076
https://doi.org/10.4230/OASIcs.LDK.2021.19

