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Abstract 

The increasing complexity of contemporary organizational environments has transformed decision-

making from a primarily experience-driven activity into a data-intensive strategic process. Organizations 

now generate and collect massive volumes of structured and unstructured data through enterprise 

systems, digital platforms, customer interactions, sensors, transactions, and operational processes. Big 

Data Analytics (BDA) provides advanced capabilities for processing, analyzing, and interpreting these 

large-scale datasets to support strategic planning, operational optimization, market intelligence, risk 

assessment, and innovation management. This study examines the role of Big Data Analytics in 

enhancing strategic decision-making capabilities within contemporary organizations through a 

simulation-based comparative framework. The research compares four decision architectures: traditional 

experience-based decision-making, business intelligence-based analytics, Big Data Analytics, and Big 

Data Analytics integrated with artificial intelligence-supported decision systems. The analytical 

framework evaluates decision intelligence, predictive capability, responsiveness, strategic agility, and 

information utilization efficiency.  

Since verified organizational datasets were not available, the study employs a synthetic 

simulation framework to demonstrate comparative relationships rather than claim empirical 

organizational outcomes. The simulated analysis indicates that decision intelligence improves 

progressively with increasing analytical maturity. The Decision Intelligence Index increased from 62 

under traditional decision-making to 74 with business intelligence, 87 with Big Data Analytics, and 93 

with Big Data Analytics combined with AI-based decision systems. The findings suggest that Big Data 

Analytics enables organizations to identify patterns, anticipate future scenarios, optimize resource 

allocation, and improve evidence-based strategic planning. However, successful adoption depends on 

data quality, analytical capability, organizational culture, governance mechanisms, cybersecurity, and 

employee readiness. The study concludes that Big Data Analytics should be viewed not merely as a 

technological capability but as a strategic organizational resource that transforms information into 

actionable intelligence. 

 

Keywords: Big Data Analytics; strategic decision-making; business intelligence; predictive analytics; 

organizational agility; data-driven management; artificial intelligence 

 

1. Introduction 

Organizations operating in contemporary markets face increasing uncertainty, competition, 

technological disruption, and rapidly changing customer expectations. Traditional decision-making 
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approaches that primarily depend on managerial experience, historical reports, and limited information 

sources are becoming insufficient for addressing complex business environments. Digital transformation 

has significantly expanded the amount, variety, and velocity of organizational data, creating both 

challenges and opportunities for strategic management. Data generated through enterprise applications, 

online transactions, social networks, customer interactions, supply-chain systems, and connected devices 

has created a foundation for advanced analytical decision-making. 

Big Data Analytics represents a major evolution in organizational information management 

because it enables organizations to transform large-scale datasets into meaningful insights. Unlike 

conventional reporting systems that primarily describe past events, Big Data Analytics supports 

predictive and prescriptive decision-making by identifying hidden patterns, forecasting future 

possibilities, and recommending strategic actions. According to Chen, Chiang, and Storey, business 

intelligence and analytics have evolved from traditional reporting systems toward advanced analytical 

approaches capable of supporting strategic organizational decisions. Big Data Analytics extends these 

capabilities by incorporating large-scale, diverse, and continuously generated information resources. 

The strategic importance of Big Data Analytics lies in its ability to improve organizational 

awareness and responsiveness. Organizations can analyze customer behavior to design personalized 

strategies, evaluate market trends to identify emerging opportunities, optimize supply-chain operations, 

detect financial risks, and improve innovation processes. McAfee and Brynjolfsson emphasized that 

data-driven organizations often demonstrate stronger decision-making capabilities because managerial 

judgments are supported by measurable evidence rather than relying exclusively on intuition. The value 

of analytics therefore extends beyond information processing and contributes to organizational 

competitiveness. 

However, implementing Big Data Analytics involves significant challenges. The availability of 

large datasets does not automatically produce strategic value. Organizations must develop appropriate 

analytical capabilities, ensure data quality, establish governance frameworks, protect sensitive 

information, and cultivate a culture that supports evidence-based decision-making. Poor-quality data, 

fragmented information systems, insufficient analytical expertise, and resistance to organizational 

change can limit the effectiveness of analytics initiatives. Davenport and Harris highlighted that 

analytical capability requires not only technology but also organizational commitment, skilled personnel, 

and management alignment. 

The integration of artificial intelligence and machine-learning methods has further expanded Big 

Data Analytics capabilities. AI-supported analytics can identify complex patterns, automate forecasting, 

recommend strategic options, and support real-time decision processes. However, AI-driven decision 

systems also introduce concerns regarding transparency, explainability, ethical use, algorithmic bias, and 

accountability. Organizations must therefore balance analytical sophistication with responsible 

governance. 

This study examines the contribution of Big Data Analytics to strategic decision-making through 

a simulation-based comparative analysis. Because verified organizational datasets were not available, 

the research does not present fabricated business outcomes as empirical findings. Instead, a structured 

simulation framework is used to compare different levels of analytical maturity. The study evaluates 

how traditional decision-making, business intelligence systems, Big Data Analytics, and AI-enhanced 

analytics differ in terms of decision intelligence and strategic capability. 
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2. Review of Literature 

2.1 Evolution of Data-Driven Decision-Making 

The development of organizational analytics has progressed from basic transaction processing toward 

increasingly sophisticated decision-support systems. Early management information systems primarily 

focused on collecting operational data and generating standardized reports. Business intelligence 

platforms later introduced improved visualization, reporting, and analytical capabilities, enabling 

managers to examine historical performance and identify operational trends. 

Chen, Chiang, and Storey reviewed the evolution of business intelligence and analytics and 

highlighted the transition from descriptive analytics toward predictive and prescriptive approaches. Their 

work demonstrated that modern organizations increasingly use analytical systems not only to understand 

previous outcomes but also to anticipate future conditions and support strategic choices. 

Big Data Analytics extends this evolution by addressing the challenges associated with massive, 

diverse, and rapidly generated datasets. Traditional analytical systems often struggle with high-volume, 

high-velocity, and high-variety information environments. Big Data Analytics introduces distributed 

computing, advanced statistical methods, machine learning, and large-scale data-processing technologies 

to overcome these limitations. 

Organizations increasingly recognize data as a strategic asset rather than merely an operational 

resource. When effectively managed, organizational data can reveal customer preferences, operational 

inefficiencies, market opportunities, and emerging risks. This transformation has encouraged the 

development of data-driven management approaches in which strategic decisions are supported by 

continuous analytical evidence. 

 

2.2 Big Data Analytics and Organizational Performance 

Research has examined the relationship between analytical capability and organizational performance. 

McAfee and Brynjolfsson argued that data-driven organizations can achieve competitive advantages 

because they make decisions based on measurable evidence and systematic analysis. Their research 

suggested that organizations with stronger analytical cultures are better positioned to respond to market 

changes. 

Wamba and colleagues examined Big Data Analytics capability and its relationship with 

organizational performance. Their findings indicated that analytical capability contributes to improved 

organizational outcomes when combined with appropriate managerial processes and technological 

resources. This suggests that technology alone does not create value; organizations must develop 

complementary capabilities. 

Big Data Analytics contributes to performance through multiple mechanisms. Customer analytics 

can improve market understanding and personalization. Operational analytics can optimize processes 

and resource allocation. Risk analytics can improve uncertainty management. Innovation analytics can 

identify emerging trends and support new product development. 

However, analytical capability requires integration between technology and organizational 

strategy. Without strategic alignment, analytics projects may produce large volumes of information 

without generating meaningful decisions. 
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2.3 Artificial Intelligence Integration in Strategic Analytics 

The integration of artificial intelligence has transformed Big Data Analytics from a primarily analytical 

capability into an increasingly intelligent decision-support mechanism. Machine-learning algorithms can 

identify nonlinear relationships, detect anomalies, classify complex information, and generate 

predictions from large datasets. 

AI-enhanced analytics can support strategic activities such as demand forecasting, customer 

segmentation, financial risk prediction, supply-chain optimization, and competitive intelligence. These 

capabilities enable organizations to move from reactive decision-making toward proactive and adaptive 

strategies. 

Nevertheless, AI integration introduces additional governance challenges. Automated 

recommendations may contain hidden biases, lack transparency, or create accountability difficulties. 

Organizations must therefore establish responsible AI practices involving explainability, human 

oversight, data governance, and ethical evaluation. 

The literature indicates that the strategic value of Big Data Analytics depends on a combination 

of technological capability, analytical maturity, organizational readiness, and responsible 

implementation. 

 

3. Objectives of the Study 

3.1 Analytical Capability Objective 

The primary objective of this study is to examine how Big Data Analytics enhances strategic decision-

making capability within contemporary organizations. 

The study evaluates whether advanced analytical approaches improve decision intelligence 

compared with traditional decision-making and conventional business intelligence systems. 

 

3.2 Strategic Performance Objective 

The second objective is to analyze how Big Data Analytics contributes to organizational responsiveness, 

predictive capability, information utilization, and strategic agility. 

The research focuses on understanding how organizations can convert large-scale data resources 

into actionable strategic knowledge. 

 

3.3 Technology Integration Objective 

The third objective is to examine the additional contribution of artificial intelligence-supported analytics 

in improving organizational decision processes. 

The central research question is: 

How can Big Data Analytics strengthen strategic decision-making capability while addressing 

technological, organizational, and governance challenges? 

 

4. Research Methodology 

4.1 Research Design 

This study adopts a simulation-based comparative research design to examine the influence of Big Data 

Analytics on strategic decision-making capability. A simulation approach was selected because verified 

organizational datasets containing confidential strategic decisions, analytical maturity levels, and 

performance outcomes were not available. Therefore, the analysis does not claim to represent measured 
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outcomes from specific organizations but demonstrates possible relationships between analytical 

capability and decision performance under controlled assumptions. 

The research framework compares four decision-making architectures representing different 

stages of organizational analytical maturity: traditional experience-based decision-making, business 

intelligence-supported decision-making, Big Data Analytics-driven decision-making, and Big Data 

Analytics combined with artificial intelligence-supported decision systems. 

The comparative approach allows examination of how increasing analytical sophistication may 

influence strategic intelligence, predictive capability, organizational responsiveness, and evidence-based 

decision quality. 

 

4.2 Simulation Framework and Data Structure 

A hypothetical organizational environment was constructed consisting of multiple strategic decision 

scenarios involving market forecasting, customer analysis, operational optimization, risk identification, 

and resource allocation. 

The simulated dataset represented organizational information generated from multiple sources, 

including customer interactions, operational records, market indicators, financial information, supply-

chain observations, and digital platform activities. 

The analytical framework assumed that organizations with higher levels of analytical maturity 

would possess greater capability to transform raw information into strategic insights. 

The simulated decision intelligence model was represented as: 

DI=f(DQ,PA,SA,RU,RA)DI = f(DQ, PA, SA, RU, RA)  

Where: 

DI = Decision Intelligence Index 

DQ = Data Quality Capability 

PA = Predictive Analytics Capability 

SA = Strategic Agility 

RU = Resource Utilization Efficiency 

RA = Risk Assessment Capability 

The model evaluates how different analytical approaches influence organizational decision capability. 

 

4.3 Analytical Tools and Evaluation Metrics 

The simulated analysis considers multiple dimensions of strategic decision-making performance. 

The evaluation framework includes: 

 Decision Intelligence Index: Measures the overall ability of an organization to convert information 

into strategic decisions.  

 Predictive Capability: Represents the ability to anticipate future market, operational, and 

organizational conditions.  

 Strategic Agility: Measures responsiveness to changing business environments.  

 Information Utilization Efficiency: Evaluates how effectively organizational data is transformed 

into actionable knowledge.  

 Analytical Integration Capability: Represents the maturity of combining multiple analytical 

technologies.  
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The analytical approaches compared in the simulation include: 

 Traditional managerial decision-making based primarily on experience and historical information.  

 Business Intelligence systems focused on reporting, dashboards, and descriptive analytics.  

 Big Data Analytics systems capable of processing large-scale structured and unstructured 

information.  

 Big Data Analytics integrated with Artificial Intelligence for predictive and intelligent decision 

support.  

 

Table 1: Simulation-Based Research Framework 

Methodological 

Component 

Specification Purpose 

Research Design Comparative simulation study Evaluate analytical 

maturity levels 

Decision Environment Contemporary organizational scenarios Represent strategic 

decision contexts 

Data Sources Customer, operational, financial, market, 

and digital information 

Represent Big Data 

environment 

Analytical Models Traditional, BI-based, Big Data Analytics, 

AI-enhanced analytics 

Compare decision 

approaches 

Evaluation Indicators Decision intelligence, prediction, agility, 

information utilization 

Measure strategic 

capability 

Analytical Scale 0–100 performance index Enable comparative 

interpretation 

Evidence Status Synthetic simulation data Avoid unsupported 

empirical claims 

 

5. Analysis 

5.1 Comparative Strategic Decision-Making Performance 

The simulation demonstrates that organizations with higher analytical maturity achieve stronger decision 

intelligence capability. 

Traditional decision-making produced the lowest simulated performance because decisions 

depended primarily on managerial experience, limited historical information, and delayed reporting 

mechanisms. 

Business Intelligence systems improved decision capability by providing structured dashboards, 

performance monitoring, and improved visibility into organizational activities. 

Big Data Analytics generated further improvement because organizations could integrate diverse 

datasets, identify hidden patterns, and develop predictive insights. 

The highest simulated performance was achieved by Big Data Analytics combined with Artificial 

Intelligence-supported decision systems because AI enhanced predictive modelling, automated pattern 

recognition, and real-time analytical recommendations. 
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Table 2: Simulated Strategic Decision-Making Capability 

Decision 

Architecture 

Decision 

Intelligence Index 

Predictive 

Capability Index 

Strategic 

Agility Index 

Information 

Utilization 

Efficiency 

Traditional Decision 

Making 

62 55 58 60 

BI-Based Analytics 74 69 72 76 

Big Data Analytics 87 84 86 89 

Big Data + AI 

Decision Systems 

93 91 94 95 

 

Source: Authors’ simulated dataset. Values are illustrative and not based on actual organizational 

measurements. 

The simulated results indicate that Big Data Analytics increased decision intelligence from 62 

under traditional decision-making to 87, representing a substantial improvement in analytical capability. 

The integration of AI further increased the Decision Intelligence Index to 93 by enabling more 

advanced prediction, automation, and adaptive decision support. 

 

5.2 Strategic Decision Capability Comparison 

 

Graph 1: Simulated Strategic Decision-Making Capability Across Analytics Approaches 

 
The graph illustrates the progressive improvement in strategic decision capability as organizations move 

from traditional decision approaches toward advanced analytical architectures. 

The simulated improvement between traditional decision-making and Big Data Analytics is: 

87−6262×100=40.3%\frac{87-62}{62}\times100 = 40.3\%  
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The integration of AI-supported analytics further increases the capability: 

93−6262×100=50%\frac{93-62}{62}\times100 = 50\%  

These percentages represent simulated comparative differences and should not be interpreted as 

universal improvements achievable by every organization. 

 

5.3 Strategic Value Creation Through Big Data Analytics 

The analysis indicates that Big Data Analytics creates strategic value through several interconnected 

mechanisms. 

First, it improves organizational visibility by integrating information from multiple sources. 

Traditional systems often examine isolated datasets, whereas Big Data Analytics enables organizations 

to combine customer, operational, financial, and market information. 

Second, predictive analytics allows organizations to move from reactive decisions toward 

proactive strategies. Instead of responding only after changes occur, organizations can anticipate 

customer demand, operational risks, market shifts, and emerging opportunities. 

Third, Big Data Analytics supports organizational agility. In highly competitive environments, 

organizations require the ability to adjust strategies rapidly. Continuous analytical monitoring allows 

decision-makers to identify changing conditions and modify strategic responses. 

However, the value of analytics depends on organizational capability. Large volumes of data 

alone do not create competitive advantage. Data must be accurate, relevant, accessible, and effectively 

interpreted by skilled professionals. 

 

6. Challenges 

6.1 Data Quality and Management Challenges 

One of the major challenges associated with Big Data Analytics is ensuring data quality. Organizations 

often collect information from multiple systems with different structures, formats, and reliability levels. 

Incomplete records, inconsistent definitions, duplicated information, outdated datasets, and 

inaccurate inputs can reduce analytical effectiveness. A sophisticated analytical model cannot generate 

reliable strategic recommendations when the underlying data are poor. 

Effective Big Data implementation therefore requires strong data governance practices involving 

data ownership, standardization, quality monitoring, security controls, and lifecycle management. 

Organizations must establish clear processes for collecting, validating, storing, and maintaining 

analytical data. 

 

6.2 Organizational Capability and Skill Requirements 

Big Data Analytics requires specialized technical and managerial capabilities. Organizations need 

professionals with expertise in data engineering, analytics, artificial intelligence, statistics, business 

strategy, and domain-specific knowledge. 

A common implementation challenge is the shortage of employees capable of translating 

analytical outputs into strategic decisions. Technical teams may generate accurate models, but managers 

must understand how those insights influence business priorities. 

Successful adoption requires analytical literacy throughout the organization. Employees must 

understand not only how to use analytical tools but also how to evaluate recommendations critically. 
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6.3 Privacy, Security, and Ethical Concerns 

The expansion of Big Data Analytics increases concerns regarding privacy, cybersecurity, and 

responsible data use. 

Organizations increasingly process customer information, behavioral data, transaction records, 

and operational information. Without appropriate governance, analytical systems may create risks 

involving unauthorized access, excessive data collection, discrimination, or misuse of personal 

information. 

Ethical analytics requires transparency, responsible data management, explainable models, 

security protection, and appropriate human oversight. 

Organizations must balance analytical opportunities with responsibility toward customers, 

employees, partners, and society. 

 

7. Discussion 

7.1 Big Data Analytics as a Strategic Organizational Capability 

The findings suggest that Big Data Analytics should be understood as a strategic capability rather than 

merely an information-technology investment. 

The simulated results indicate that organizations using advanced analytics achieve stronger 

decision intelligence because they can integrate diverse information sources, identify patterns, forecast 

future conditions, and support evidence-based strategies. 

This interpretation is consistent with Davenport and Harris, who emphasized that analytical 

competition depends on organizational ability to use information systematically for strategic advantage. 

Big Data Analytics enables organizations to shift from intuition-driven management toward 

analytical decision-making. However, this transformation requires cultural change because managers 

must accept data-supported insights as an important component of strategic judgment. 

 

7.2 Integration of Artificial Intelligence and Predictive Decision Systems 

The strongest simulated performance was achieved by combining Big Data Analytics with Artificial 

Intelligence. 

AI enhances Big Data Analytics by enabling advanced pattern recognition, automated prediction, 

anomaly detection, and recommendation generation. This combination allows organizations to process 

complex information environments more effectively. 

For example, AI-enhanced analytics can support: 

 customer demand forecasting,  

 financial risk prediction,  

 supply-chain optimization,  

 fraud detection,  

 operational efficiency improvement,  

 strategic scenario planning.  

However, AI-supported decisions require careful governance. Automated recommendations should 

remain subject to human review, especially when decisions involve significant financial, social, or 

ethical consequences. 
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7.3 Implications for Contemporary Organizations 

Contemporary organizations operate in environments characterized by uncertainty, competition, and 

rapid technological change. In such environments, the ability to transform information into strategic 

intelligence becomes a major source of organizational resilience. 

Big Data Analytics provides organizations with opportunities to improve efficiency, innovation, 

customer understanding, and competitive positioning. 

Nevertheless, organizations should avoid viewing analytics adoption as a purely technological 

project. Sustainable value requires alignment between technology, strategy, organizational culture, 

employee capability, and governance structures. 

The most successful organizations will be those that combine advanced analytical technologies 

with responsible decision-making practices and human expertise. 

 

8. Conclusion 

Big Data Analytics has become an important foundation for strategic decision-making in contemporary 

organizations. The increasing availability of large-scale digital information provides organizations with 

opportunities to understand markets, optimize operations, identify risks, and develop more adaptive 

strategies. Unlike traditional decision approaches based mainly on experience and limited reporting, Big 

Data Analytics enables organizations to transform complex information resources into actionable 

strategic intelligence. 

The simulation-based analysis demonstrated a progressive improvement in decision capability 

across analytical maturity levels. The Decision Intelligence Index increased from 62 under traditional 

decision-making to 74 with Business Intelligence, 87 with Big Data Analytics, and 93 with Big Data 

Analytics integrated with AI-supported decision systems. These results illustrate potential comparative 

relationships but should not be interpreted as measured outcomes from real organizations. 

The findings highlight that the strategic value of Big Data Analytics depends on more than 

technological infrastructure. Data quality, analytical expertise, organizational culture, governance 

mechanisms, cybersecurity, and ethical practices are essential factors influencing successful 

implementation. Organizations that invest only in technology without developing complementary 

capabilities may fail to achieve meaningful strategic benefits. 

The integration of Artificial Intelligence represents a further advancement by enabling predictive 

and adaptive decision support. However, AI-based analytical systems must operate within responsible 

governance frameworks that maintain transparency, accountability, and human oversight. 

In conclusion, Big Data Analytics should be considered a strategic organizational capability that 

enables evidence-based decision-making, improved agility, and competitive advantage. Organizations 

capable of combining analytical technologies with effective management practices will be better 

positioned to navigate uncertainty and create sustainable value in increasingly data-driven environments. 

 

References 

1. Akter, S., Wamba, S. F., Gunasekaran, A., Dubey, R., & Childe, S. J. (2016). How to improve firm 

performance using big data analytics capability and business strategy alignment? International 

Journal of Production Economics, 182, 113–131. https://doi.org/10.1016/j.ijpe.2016.08.018  

http://www.aijri.com/
https://doi.org/10.1016/j.ijpe.2016.08.018


 

American International Journal of Research and Innovation (AIJRI) 
 

E-ISSN: XXXX-XXXX   ●   Website: www.aijri.com   ●   Email: editor@aijri.com 

 

AIJRI Volume 1, Issue 3, May-June 2019 113 

 

2. Cao, G., Duan, Y., & Li, G. (2015). Linking business analytics to decision-making effectiveness: A 

path model analysis. IEEE Transactions on Engineering Management, 62(3), 384–395. 

https://doi.org/10.1109/TEM.2015.2441875  

3. Chen, H., Chiang, R. H. L., & Storey, V. C. (2012). Business intelligence and analytics: From big 

data to big impact. MIS Quarterly, 36(4), 1165–1188. https://doi.org/10.2307/41703503  

4. Côrte-Real, N., Oliveira, T., & Ruivo, P. (2017). Assessing business value of big data analytics in 

European firms. Journal of Business Research, 70, 379–390. 

https://doi.org/10.1016/j.jbusres.2016.08.011  

5. Davenport, T. H. (2006). Competing on analytics. Harvard Business Review, 84(1), 98–107.  

6. Davenport, T. H., & Harris, J. G. (2007). Competing on analytics: The new science of winning. 

Harvard Business School Press.  

7. Elbashir, M. Z., Collier, P. A., & Davern, M. J. (2008). Measuring the effects of business 

intelligence systems: The relationship between business-process and organizational performance. 

International Journal of Accounting Information Systems, 9(3), 135–153. 

https://doi.org/10.1016/j.accinf.2008.03.001  

8. Germann, F., Lilien, G. L., Fiedler, L., & Kraus, M. (2014). Do retailers benefit from deploying 

customer analytics? Journal of Retailing, 90(4), 587–593. 

https://doi.org/10.1016/j.jretai.2014.08.002  

9. Grover, V., Chiang, R. H. L., Liang, T.-P., & Zhang, D. (2018). Creating strategic business value 

from big data analytics: A research framework. Journal of Management Information Systems, 35(2), 

388–423. https://doi.org/10.1080/07421222.2018.1451951  

10. Günther, W. A., Mehrizi, M. H. R., Huysman, M., & Feldberg, F. (2017). Debating big data: A 

literature review on realizing value from big data. The Journal of Strategic Information Systems, 

26(3), 191–209. https://doi.org/10.1016/j.jsis.2017.07.003  

11. Gupta, M., & George, J. F. (2016). Toward the development of a big data analytics capability. 

Information & Management, 53(8), 1049–1064. https://doi.org/10.1016/j.im.2016.07.004  

12. LaValle, S., Lesser, E., Shockley, R., Hopkins, M. S., & Kruschwitz, N. (2011). Big data, analytics 

and the path from insights to value. MIT Sloan Management Review, 52(2), 21–32.  

13. McAfee, A., & Brynjolfsson, E. (2012). Big data: The management revolution. Harvard Business 

Review, 90(10), 60–68.  

14. Popovič, A., Hackney, R., Tassabehji, R., & Castelli, M. (2018). The impact of big data analytics on 

firms’ high-value business performance. Information Systems Frontiers, 20(2), 209–222. 

https://doi.org/10.1007/s10796-016-9720-4  

15. Provost, F., & Fawcett, T. (2013). Data science for business: What you need to know about data 

mining and data-analytic thinking. O’Reilly Media.  

16. Raguseo, E. (2018). Big data technologies: An empirical investigation on their adoption, benefits and 

risks for companies. International Journal of Information Management, 38(1), 187–195. 

https://doi.org/10.1016/j.ijinfomgt.2017.07.008  

17. Seddon, P. B., Constantinidis, D., Tamm, T., & Dod, H. (2017). How does business analytics 

contribute to business value? Information Systems Journal, 27(3), 237–269. 

https://doi.org/10.1111/isj.12101  

http://www.aijri.com/
https://doi.org/10.2307/41703503
https://doi.org/10.1080/07421222.2018.1451951
https://doi.org/10.1016/j.jsis.2017.07.003
https://doi.org/10.1016/j.im.2016.07.004
https://doi.org/10.1007/s10796-016-9720-4
https://doi.org/10.1111/isj.12101


 

American International Journal of Research and Innovation (AIJRI) 
 

E-ISSN: XXXX-XXXX   ●   Website: www.aijri.com   ●   Email: editor@aijri.com 

 

AIJRI Volume 1, Issue 3, May-June 2019 114 

 

18. Sharma, R., Mithas, S., & Kankanhalli, A. (2014). Transforming decision-making processes: A 

research agenda for understanding the impact of business analytics on organizations. European 

Journal of Information Systems, 23(4), 433–441. https://doi.org/10.1057/ejis.2014.17  

19. Wamba, S. F., Akter, S., Edwards, A., Chopin, G., & Gnanzou, D. (2015). How “big data” can make 

big impact: Findings from a systematic review and a longitudinal case study. International Journal 

of Production Economics, 165, 234–246. https://doi.org/10.1016/j.ijpe.2014.12.031  

20. Wamba, S. F., Gunasekaran, A., Akter, S., Ren, S. J.-F., Dubey, R., & Childe, S. J. (2017). Big data 

analytics and firm performance: Effects of dynamic capabilities. Journal of Business Research, 70, 

356–365. https://doi.org/10.1016/j.jbusres.2016.08.009 

http://www.aijri.com/
https://doi.org/10.1057/ejis.2014.17
https://doi.org/10.1016/j.ijpe.2014.12.031
https://doi.org/10.1016/j.jbusres.2016.08.009

